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Abstract:

In recent years, recognizing individuals’ personality traits through social media has become an inter-
esting topic in both fields of natural language processing and social sciences. Psychological research
also shows that some personality traits are associated with language behavior. NLP models can take
advantage of this correlation to model and predict personality traits based on the huge amount of
data made available thanks to modern social media. However, in Persian, there had been no dataset
relating to this task before we attempted to collect and compile the first dataset via Twitter. As
discussed in this article, we have constructed a novel dataset labeled with Myers-Briggs Type Indi-
cators (MBTI) consisting of 1,552,532 tweets. We have presented our data collection methodologies
and discussed their challenges and results in detail. As a baseline for other researchers to further
improve upon, we have introduced a model by fine-tuning a variation of BERT architecture (Pars-
BERT), pre-trained on Persian corpora. Finally, we validated this model using the repeated stratified

K-fold cross-validation method and published the results.

Keywords: Personality Traits, Dataset, Data Science, Social Data, ParsBERT
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