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.VQA 1.0 ds gaze .1

oui 9lad .2

.MSCOCO s3l3 ds gozeo 5l a5 5 i

Q: What shape is the bench  Q: What color is the stripe
seat ? on the train ?

A: oval, semi circle, curved, A: white, white, white,
curved, double curve, ba- white, white, white, white,
nana, curved, wavy. twist-  white, white, white

ing, curved



Q: Where are the flowers ?

A: near tree, tree, around
tree, tree, by tree, around
tree, around tree, grass, be-
neath tree, base of tree
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Q: How many pillows ?
A 202 2,222,202
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.VQA 1.0 ds gaze .1

Q: Why are they standing?

(a) yes (b) no v e . a
(e) 1 (d)2 (e)3 n4 (S Laa .
(g) white (h) red (i) blue (j) yellow - JJ")

(k) playing game (I) sheepskin (m) waiting (n) no where to sit

(o) firestone (p) rugby (q) forks (r) waiting for train

Q: Is the TV on?

(a) yes (b) no .

@1 (@ 2 ©3 (4 0315 ds gasce LSJJTC‘? bppu .C
(g) white (h) red (i) blue (j) yellow

(k) shag () jeopardy (m) sports (n) between big elephants

(o) edinburgh  (p) strawberries (q) tvshow  (r) white streak on face




Is there a clock .. ?
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yes

No
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Who is wearing glasses?
man woman

Is the umbrella upside down?
yes no

Where is the child sitting?
arms
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VQA v2.0 031> dc somn (g9, » a5 3 S fine-tune .2

Unpruned Baseline .a
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